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Abstract Burst is a common and important traffic pattern in diverse network traffics. Since bursts may increase network latency
and have a non-trivial impact on application performance,the efforts to detect,analyze and mitigate burst flows are meaningful for
improving the performance and robustness of network. However, existing per-burst-based detection schemes face the limitations
of significant bandwidth overheads and high user burdens. This paper proposes the detection of remarkable burst flows(RBFs)
via observing and analyzing the characteristics of burst flows in various scenarios. The detection of RBFs reduces the bandwidth
overheads. At the same time,such detection process avoids the requirements of intensive manual labor and expert experience,and
mitigate the burdens of network operators. We propose RBFRadar,a Sketch-based RBF detection framework that supports RBF
detection on programmable data plane,observing flow-level burstiness in a period. We prototype RBFRadar in PISA architecture
with limited memory footprints and low time complexity. Experiments demonstrate that the Fl-score of RBFRadar in RBF detec-
tion is 5. 6 times to 23. 4 times higher than that of existing schemes. Compared with per-burst detection, the bandwidth overhead
could be reduced by 84.62% to 98.84%.

Keywords Burst flow detection, Sketch, Network measurement, Programmable data plane,Data center network
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10. INSERT (k, t, Bi.p o) »origin_7)

11. end for

12. (x,y)<MINP(k)
13. if bursty(x,y /total(y,y) <<a' then
14, INSERT(k,t. B0 »origin_ 7
15. else
16.  burstyc.y Stotaley —=1
17. end if
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1. function INSERT (K, t, B, 1 (o) »origin_7)
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3. burstyd.n ) <0, total, b o) <1

4. end function

5. function MINP(k)

6. fori<1 toddo

7. igakburstyq g /total . i) BN R B
8. end for

9. end function

10. function QUERY (B.j))

11. return bursty.j /totalq.j

12. end function
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