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Abstract A knowledge graph-based retrieval-augmented generation framework is proposed to achieve military intelligence ques-
tion answering. The framework effectively acquires background knowledge through question classification, entity recognition,en-
tity linking,and knowledge retrieval. Considering the multi-constraint characteristics of intelligence questions, answer set pro-
gramming is used to reduce the amount of knowledge through constraints or to directly obtain answers. Finally,a large language
model solves the questions based on the refined knowledge, minimizing attribute recognition and linking issues during question
understanding. Experiments on the MilRE dataset demonstrate that the framework provides enhanced knowledge retrieval capa-
bilities based on knowledge graphs and offers superior performance in answering military intelligence questions.
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TR T L X 3¢ 26 1) J0 S5 0 0 0 AR B R . AR SRR 1
G104 3 7 TR A AR A 46 Horp { context _str) T { query_str}
RN BRI, 43 50 F T B H SRR AR R, R 5
TE AL S5 28 i) B i B, A R AT BRG] T AR 4 SCA R
Az R TIN £ SR R BOE R B AR AN HERG . D, FRATE
TE )BT A 4 5 7 AT R R R RS S RIEE
RERS A i Python AU HEAT THIE, LUBR R 153 45 SR 0 M 12

F 1 i o n] B A B AR

Table 1  Query template of simple question

# o 17 A A
RFEETRBEN ET CRE BT LR 2R, B AT F A, I £ ex-
planation # Wl # AL E W A KRE, WRETXFRELHX R,
HEEEFSEL . TAERES FiE,

YA RFENETXEEDT . BEMTARE — & F L. {context_str}, [
# :{query_str}, ¥ X ;3 Ll answer 7 explanation # key # JSON # = £
223 AR R AR E A R
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BE XS BLERR E ) B, A RIS F I 2 Fh ASP LU XT3 5
TRIEAT 1 U8 5 R e, 2 00 5% 3o AR O DRI 3 2o A T 249 R A ok
BRIOETE B 500 LR ORRE R )5 A B0 O 45 55 o5 4 e
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SERZE AL H LR A ST S A, AT LT R
AADIE AL ALY o, Ham T B R SR i, B
AR ESTIE B B E 1. 38 o i 28 78 70 B /D Y 2R
P E A AR

constraint (EntityType, Entity, TaskType, Date, De par-

ture, Destination, 1D)

EntityType= {entity_type_constraint} »

TaskType={task_constraint}. 1o
date_so ft_constraint(1D,1) : -constraint (_,_,_,
Date,_,_,1D),

Date! =/{date_constraint} (1D

Bt X 2 S [ L AR SORE S A B 1 20 M 49 B B0 AR S L
A R AR AR A AT A B BT 2 Fh ASP ML
X R BEAT R M . 1R T 22 2 ) Y 240 S A% PR SR
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FEL L O3 w85 43 28 10 Y 0 L AR SCARHE MIILK B X 22 4 Jia] f85E 2 5]
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A (] R ISR 9 “ 7 28R . )N 2 2% T ZE 5 40k
L RMNTE I AN T T AR R Y o] RS 8 0 I e B RAR 7
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MilKB FE % 55 4= T Hh 7 35 22 S S5 0] 1 J i LR 4544

FEHET ORI b, 45 0 & 5 22 8 MAIRE %04 46 15
S I BB SR TR L A — 25 ) v B AL B 5 AR L il
B 115 MREA T 5 22 38 4f . MIIRE B &£ 44 23 A
P T RS, B O 115 A ) BB 3 T ARHE 4 v i A 2 ).
BA NI 5 SRR T A2 0 Y B R A AR
fE o FEF LA D5 WA B BE A A B AR SCE T A AE
U GLMA™ AT S8, MK R A B A 2B IR D A i
R 45 SR 0 LE A 58, oF o7 HE 24 v 1 R SROR R 45 SR 5 2) DT A AE 42
B AR S B L Xt 7 HE 2 A SRR 245
3.2 EZEMR R RITM

e 7] 25 HE HR AT PE A A B b, el T 3R O A
IR DAL AP X B RN EETTRSE AR,

BEAN R TR R A A A A R I — R B AN — Bk Bk
R . BB PEAY B 70 00 R0 4 o M, AR BF ST B T
ZEANIFMA RS T T E, 780 #& b, 3 5
SN AR AT AR A K WA RN IE 0, ARid A “TRUE” %%
FIWE AN IEHE FRiC I FALSE”, a3 i Fe A 145 91 6 1 LU
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Table 2 Test results of framework

KA R R A& # mEREHE/ G FEEHE/ Y
S 4K ] B 80 93.75 92.50
A F1F 1 35 88.57 85.71
5] 52 % An 115 92.17 90. 43
S 1K I B 80 95. 00 92. 50
B F1F 1 A 35 91.43 91.43
5] 72 % Fn 115 93.91 92. 17
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YRR KO KR A R IE A R 909, DL L iTAY
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)75 32 1) 51 22 249 A 1 A8 3 o R 25 S g R L R IR I 4 o
SR AR S B H AR, AL RIEEE
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B S T 2 B HE 4 BB 8 B 1L 35 T 00 UL IR 33 0 85 SR AR R T
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