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Research on Improved Local Fuzzy C-means Clustering Segmentation Algorithm

LIU Meng-jiaoc WU Chengmao

(School of Electronic Engineering, Xi’an University of Posts & Telecommunications, Xi’an 710121, China)

Abstract In order to improve the complex image segmentation precision and noise resistance. fuzzy clustering segmen-
tation of fully considering the pixel neighborhood information has caused scholars great attention, For the robust loecal
fuzzy C-means clustering algorithms proposed by Krinidis and Gong Mao-Guo et al, the iterative formulas of their clus-
tering centers lack rigorous mathematical theory.and Lagrange multiplier method was used to turn objective function
and constraints of robust fuzzy local C-means clustering algorithm into unconstrained optimization problem. The partial
derivative equations was made equal to zero to obtain the membership degree.and the clustering center new expressions
was also gained, Then the new algorithm can be applied. The proposed clustering segmentation algorithm was used to
segment clustering artificial synthetic graphics and remote sensing image., The results show that the proposed segmenta-

tion clustering algorithm is reasonable, and the new robust fuzzy local C-means clustering segmentation algorithm is

more suitable for complex images segmentation.

Keywords Fuzzy clustering, Robust fuzzy C-means clustering ,Image segmentation
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