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Community Detection Algorithm Based on Single Objective I’'SO

YANG Lingxing ZHANG Xihin
( School of Aeronautics and Astronautics, Air Force Engineering University, Xi "an 710038, China)

Abstract The community detection problem is modeled as single objective optimization problem, and the PSO algorithm
is adopted to solve it. The traditional PSO algorithms are used to handle with continuous optimal problems, while the
community detection problem is a graph based on discrete optimal problem in our paper., In this case, a new coding
scheme and particles updating scheme were used to overcome this shortcoming, Besides that,a neighbor based strategy
was adopted in the updating scheme to confirm that the neighborhood information can guide their updating which is conr
sistent with the property of the real world complex networks, Besides, the general modularity density function is taken
as the objective function to overcome the resolution problem.which confirms proposed algorithm can detect the con
struction of community under different resolutions. Experimental results indicate that this algorithm is effective and can

detect the community construction of different resolutions,
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