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Calculation of Police Incident Address Similarity Based on Fusion Model

ZHANG Shuo and JI Duo

School of Public Security Technology and Information,Criminal Investigation Police University of China,Shenyang 110000, China
Abstract With the widespread application of big data technology in the field of public security,the improvement of police re-
sponse speed has become one of the core goals to promote the modernization and efficient operation of public security. The rapid
response system for police incidents replaces traditional manual dispatch with an automatic dispatch mechanism,and its core relies
on the model’s accurate identification of police addresses. However, there are significant differences in feature representation be-
tween police addresses and regular addresses, and existing commercial address matching models often suffer from insufficient
adaptability when dealing with police addresses. To address this issue, this paper proposes an improved method that combines ad-
dress grading and pinyin information, aiming to replace traditional deep learning algorithms and address the limitations of com-
mercial address calculation models in police address recognition. This method is optimized for the special phrases,multi-level ad-
dress structure, homophones,and misspellings in Chinese police addresses. By using techniques such as pre-training models, data
augmentation,address grading,and Pinyin information encoding, this paper aims to develop and train an efficient model specifical-
ly designed for calculating the similarity of police addresses, significantly improving the recognition accuracy and adaptability of
Chinese police addresses.

Keywords Police address, Address classification, Pinyin, Deep learning , Pre-training, Data augmentation
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Fig. 10  Flowchart of fusion model
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