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Abstract Analytical database has been widely deployed in modern corporations which are posing increasing demand for
the speed of data analysis. In the era of big data, analytical database is faced with a number of new challenges. Firstly,
the complexity of data keeps increasing, therefore, more efforts have to be put into system configuration, such as index
creation. Secondly, without prior knowledge about the patterns of workload, system administrators have to build and re-
build indexes repeatedly,in order to meet the time constraints. Apparently, traditional approaches to index construction
and maintenance can not work well in the new environment, Database cracking provides an alternative to solve the prob-
lem. Using database cracking,a DBA does not need to fine-tune the system configuration. Instead, the database can auto-
matically adjust itself to fit the workload during query execution, In recent years, a series of database cracking algo-
rithms have been proposed, while none of them is optimal in all situations. The paper proposed a cache conscious cost
model for database cracking. Based on the model, we created a new adaptive index, which can combine the advantages of
several previous cracking approaches. Extensive experiments were conducted to demonstrate the effectiveness of our
method.
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Hybrid Crack Crack Sort(a,b,IP,FP,9)

1. Search in FP

2. FP; =the Piece of FP that contains value a
3. FP, =the Piece of FP that contains value b
4, resultl=Search_FP(FP; ,a)

5. resultl =resultl union Search FP(FP:,b)
6. if (result]l not full answer the query)

7. Search in IP

8. for each partition in IP
9. IP; =the Piece of IP that contains value a
10. IP; =the Piece of IP that contains value b
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11. Temp_Partition="Temp_Partition union Crack(IP;,a)

12. Temp_Partition=Temp_Partition union Crack(IP;,b)
13.  If(the sizeof Temp_Partition < §)
14, Sort( Temp_Partition)

15. Merge Temp_Partition into FP

16, return resultl union Temp_Partition
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