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Repulsion Force Based Gravitational Search Algorithm
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Abstract To overcome the shortage of gravitational search algorithm(GSA), such as high convergence speed and pre-
mature convergence, this paper presented a repulsion force based GSA(RFGSA). In RFGSA, repulsion force is intro-
duced to GSA,which means that a part of attraction force is changed to repulsive force. Therefore, the diversity of the
population is increased and thus the search ability of GSA is improved. To demonstrate the validity of RFGSA, 10

benchmark functions were tested. The compared results indicate the significant superiority of the proposed algorithm,
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