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Background Subtraction Based on Local Gradient Feature

ZHANG Xiaojun LIU Zhi-jing CHEN Kun
(School of Computer Science and Technology, Xidian University, Xi’an 710071, China)

Abstract The relation between accuracy and the study speed of the background model was discussed. The theoretical
gradient expectation was estimated with the accurate gradient background model. Based on Gaussian model, the proba-
bility of the deviation between the actual gradient and its expectation was given,leading to a similarity measurement of
the gradient feature using no texture message. The similarity was then used to adjust the threshold for binarization of

the difference image, which means the fusing use of grey level message and the gradient message. Experiments show
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that the proposed method does have some improvement on foreground segmentation.
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