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New Fast Manifold Learning Algorithm Based on MSC and ISOMAP

LEI Ying-ke
(Electronic Engineering Institute, Hefei 230037, China)

Abstract For the high complexity problem of the isometric feature mapping algorithm(ISOMAP), we designed a new
fast isometric feature mapping(Fast-ISOMAP) method based on minimum set cover(MSC) strategy. It is found in ex-
periments that Fast-ISOMAP can greatly improve the computational efficiency of the original ISOMAP and be used in
large-scale manifold learning problems under the condition that it does not significantly change the performance of I1SO-

MAP. Experimental results on many artificial benchmark datasets show the effectiveness of our proposed algorithm,
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