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Survey of Automatic Terminology Extraction Methodologies
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Abstract Terminology extraction is a fundamental research work for text processing domain. The quality of ontology
and accuracy of sematic retrieval can be improved by using a better automatic terminology extraction method. Firstly,
the definition and characteristic of terminology, as well as the evaluation of terminology extraction were briefly intro-
duced. Secondly, through a thorough analysis and summarization of literatures about automatic terminology extraction in
recent twenty years, a comprehensive survey of state-of-the-art automatic terminology extraction methodologies was

conducted, which includes domestic and international current research, their advantages and disadvantages and detailed

descriptions of some classical algorithms. Finally, the trend of future study was discussed.
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