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Improved MCL Clustering Algorithm in PPI Networks

HU Qing-sheng LEI Xiu-juan
(School of Computer Science, Shaanxi Normal University, Xi’an 710119, China)

Abstract Protein-protein interaction (PPI) network is a new research field in the bioinformatics. Recently MCL cluste-
ring algorithm has played an important role in the field of predicting the function of unknown proteins. However, the
quality of the clustering result is low. An improved MCL clustering algorithm was proposed in this paper,in which the
penalty and mutation factors are introduced. New structured regulation operation takes place of expansion operation in
the basic MCL algorithm, Experiments were performed on PPI data. And the results show that the new algorithm can

not only minimize the number of small clusters, but also improve F-measure and Avg. F value compared with the basic
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MCL algorithm,
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