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Abstract

ring. This process of data labeling is performed by assigning each new coming data point to some cluster that is closest

Data labeling has become a simple but efficient solution to improve the efficiency of incremental data cluste-

to the new data point. One of the main difficulties in categorical data analysis is, however, lacking an appropriate way to
define the similarity between data point and cluster. To overcome this difficulty, in this paper, we defined the representa-
tive of a cluster as a list of all attribute values with their frequencies in each attribute domain of the cluster, and then,
defined the point-cluster dissimilarity measure by means of the change of information entropy. Based on the dissimilarity
measure, we designed a categorical incremental data labeling algorithm, to allocate each unlabeled data point into the ap-

propriate cluster. Comparative experiments on several public data sets and a text corpus show that the proposed algo-
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rithm has not only the higher labeling accuracy and the less execution time, but also better scalability.

Keywords Clustering, Data labeling, Incremental data, Categorical data, Information entropy
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