Fazk ®

()]

B 2 A S

2015 4E 5 Computer Science

an

May 2015

ZHERERRSITERETEZTHAR

WiEH SHT B ;- I OK
(EHEFETREKFE  F M 450001)

B E OABRREHEAFRETORSDEIEERNM, X TEHELSLER L Ef R AESFERH, 20T KBRS
HARBAMYGSFE TR, A A e tl )l SEAIIRFABSERILEAFNET, HIIANSH &
ARG R RN, RGN H AR AL oG EIRI B A RBELERASRE
%, WFEEERET ke TIERARE, Bk kAR H i, 5 F R K S b o F4088 1 35 15 2
BE, G Rk E it SR T RS2 AhALREFI A,

X8R =HHE REFHSEHERFAT.HACETF . ERE B ALY

hE %4 %8 TP393.7 XHKERIAE A DOI 10. 11896/} issn. 1002-137X. 2015, 5, 050

Research on Service Dynamic Selection Algorithm in Cloud Computing

ZHANG Heng-wei HAN Ji-hong KOU Guang WEI Bo
(PLA Information Engineering University, Zhengzhou 450001, China)

Abstract To solve the service dynamic selection problem in cloud computing environment, a fitness function which con-
siders both the response time and the cost was designed, and an estimation of distribution-shuffled frog leaping algo-
rithm was proposed to solve the problem of service dynamic selection. On the basis of leapfrog algorithm, evolutionary
operators of leapfrog algorithm was redefined by drawing crossover operation of genetic algorithm, and distribution esti-
mation evolutionary strategy was introduced to improve frog update mode of the leapfrog algorithms, so that the new
improved algorithm has a more comprehensive learning ability and it can effectively avoid the local optimum, Simulation
results demonstrate the feasibility and effectiveness of the proposed algorithm, and compared with the leapfrog algo-
rithm and estimation of distribution algorithms, the convergence performance and optimization capabilities of the pro-
posed algorithm are improved,and it can better solve the service dynamic selection problem in cloud computing environ-
ment,
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