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Research on Influence of Micro Blogging Based on Field Division

LIU Jin-long WU Bin CHEN Zhen SHEN Chong-wei
(College of Computer Science, Beijing University of Posts and Telecommunications, Beijing 100876, China)

Abstract In recent years,as an emerging social network, Microblog is being used by a lot of users, The micro blogging
platform contains a large amount of information and the update speed of the information is fast so that it often makes
users can not find the information they need. Then, it is important to help users find the information which is sent by
people who have a great influence. The content that the micro blogging platform publishes and updates is very fast,and
the content is not standardized, so that the timeliness and authoritativeness tend to be more important. The purpose of
research on influence of micro blogging users in this paper is to identify the influence of different users in different areas.
This paper divided the users into different areas by using two different features which are the content of the micro blog-
ging and the concerned relationship of the users. During this, we used the parallel new word recognition algorithm in the
micro blogging content and semantic extensions on some important text feature to improve accuracy of the dividing re-

sult, Then we computed the influence of the users in all the classification using three models,and combined the result in
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different weight. At last, we tested the accuracy of the result and compared it with other ways.
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Web2. 0 B X, FLHK R 1E 32 87 B AR 7% G2 4L SE 4848, LN
AISAAFHETEENERRE. EEXR, BIEEI—FE
# Web2. 0 TiHT4E0E MG IEFERBTR R, IS LI A
R AR, S MET AT E R L3
2013 &, FRGUEE SR 35 542, MERAEE/MEIR, B
TR BR B — Z I A 200 FRLA, (RT4E A0 TR TT LASR
RIBHPRES: B0 HEEE X SRR, T LR
B VEREHEL S M E PR, R AR R L E T
AT LARE R A R AR, SRR R RE S TEM
THEEABEAETENER, BHRA—MHKLERMAE

RS H#:2014-02-18 &1 H 3. 2014-04-14
(71231002) %8,

MEF RS REARIE K, WRRH —F A B
B P RS BB TR S AR, ATSIET XA
PSR, B, B H BRI R P e i R B AR R BB
#o 550 B AR A EARNSR P EEREE AR
BPE P ot T ) ) SR 5L AT T BB 1) A5 AR AR S e S —
G RA BRI . B R R SUREIRIST, SR ARR
R R A BRI W TR E R EEAE
SN

EEHTFEXT TR ML & P R Mot B 2T
THRAMBER, BREE Twitter 547 &> BAUR
R REB RS KR HE B P HREMPEL, MAURH P &

AXZERESEMPR LRI (973) (2013CB329606), X A RB ¥ HL W E

WeER (91—, B, M+, TERR A NTBERLE . BIEESHE. =118, E-mail. 1054986434@qq. com; & $#(1969—), 5, i+, #42,
FEFRF NS BEEAE BUESE. . S HE R B9, 8, W+, EEMAF N E G RAE BUEEE . T8, REFH1989—),

5,8+, EEHF R AR BB B AL RIS . ST
. 42 .



i kR — MR R AP ARG ZEREE
TR T —kE S M4  FEZ G BT BF 5T
AR % B A BE UL e A P 2 IRV TR R R B AC B AT AR R
4% 5 B9 AL, F) B PageRank P48 1& 388 15 - AL 32 M 48
RPN RS TRIFHER., SESMER
FRER, BF ST 11X PageRank J7 iE#E17 T # £ 0030, # A
ER B PageRank!™ %73k, 1 BB L UA M T & 7 15
SIARPERANTHES, HAHEPHERGH. HEWM
BF3T 7, in HITS(Hypertext-Induced Topic Search) %42 81
FEESTEEOLEAL AR ERE, B HITSBEHTE
FIaFF F P LA R 1 12 3% P R BR #), 5 PageRank
IR, BOREE. BRAERRTRETRETFEENE
We) A3 4B AR A, LA b e B F P e R IR) 208 R R 0

HRAE I A 32 R 28 i 4 8, STk 6 1) F T I ok 2 S
ARRH TS MER P #HTHE, KIA BEHENEELT
IR B E LR . 43N AE#TIEER W,
TR A A B R (B 288, ATTE B R P 214 s o gty
FORAR B R . SCEL7IR A Sy T1/1df X308 A 1T
AL RBRHIENEHITRE, B BTXERFEHNFTR,
Bray & 1 %F i 0 KNN (K-Nearest Neighbor)™® | ¥t %5 #},
SVM(Support Vector Machine)! 25 8: 34T T IR A B4

A SUREE Z BT B ST 2, R IR R BIEME R .
TS B P AT S R 43, SRS TR B AR T 4 3 A B e A K
MHFER. FP RS0 5EE bR AR &P
BEfTar.

1 ETFRIEARMARXENRERAGERS

1.1 EFRHEASHEATEIS

A SRR RO R P AT R T . AR
JA S, B P 5 B MU R ], 2E AR IR A 0 P B B e T
SHMRAMES. HEAZERAPMEEEEFRAENE
AR, AR ST A AR EW ISR gL
TSR E AR B A5 B3, B, X TR P 48
BEEEERN. MREESHNAMMERAHTHR0SRE
XH— MR ES.

FIFMERAE#THP SRS EERRAXEREH
WEM AP MR E R ITRE, R P SERE.
AR ARG #Y ICTCLAS 437 88 X 4 1 P = ik 17 2017,
£ T 7R [R) A9 0 380 15 X S8 R 43 9 BT AR AR R) , X T 43R 48R E
KRB AR, SRPRARIRRE SRR EIERE
PATHE R R AL T, N A R EE, RSP N
FHHE B LEEAR L, M UAREMNERE WK, 4
SHXERHHEHE A XRASHFEEFE, LERSRNE
Hatk. FIA ICTCLAS WL b i R b IR B I R A P g A
5L 5B A, 2R SCR I —Fh N 45 371 & TR A B Bk R B
SCAR I PR F IR, X Fh R Accessor Variety (Bj#f AV
IS ERFERIANTEEN:. BRSHKITFEE
FnA M EEHARFHFNEICH Lo Re s TIFRH AV
it min(Lae Ry, FR AVERF—ERBRME, IIAK
ZFBERFE . HIENARE, FESER 48, X R
A P AR ME T & ik SR RRE , A FREY R T R, W
PASH S A R BB WS IERE R AT Y R DRI E

w5, RSB IRAERE . BAR SRS ISR X
BR N MIEEELTY R AR REERSIENTHE
APERTER, REAPOERRAET IR TREENILER
TR K, MM ERTUB 5 ENAXRES
HEY R, RS RTIEPAXER, BEY B
PR B TNE R A E AT R R B IER
fERSIRE 15 R . SRA ¢f * id f IAEALE T8 7 B X4
HWERIBERTHNELE, ARMEN AR E.

55, FIF K-means CARRA M F X3t X F R A #
TSN RSy, HE SR P 2SR R ,
Hi#fTH— A AP ERRSE PR E. i
RRAREER M, A e AR H P R TR S B
BBy BB T 10 JTRIRT TR P, DA 45 o i B R R 408
FHIRTTAY & 8, 2554 MIEER R B A T 745 i, St
LS00 MATR P, I EHTR B B SRR 58, 2R ik
FOBUAVRAER BE R R IT WP VAT 9 . AR
Tt AT e TR P R4 4 R R R s B
MREETHER.

1.2 BEFARAXENBAGENS

IR P Z e 22 X EX R RN LR E WA S
KA, XMIEE P X RERIH P IR S LA 5R
YRR BE RER SR PR Rr RERE XA E
BHRE TR, SHRESEOTEREM BETFRHPXEN
FUERN 53R R IR P X EY & (Ttem) , M R 2 3 F P
BZHRIEH P ZELE EFEEEAUYE, B TH—898; 5th
(R T 0 7 1 AU, 33 vk RV A AR ¥ I B Y [ B, X 8
M EIER P A LR B R RBCR, 1A S E R P s
HIWE TR BIER P N FERE AP R,
B, 41 0 T8 A P AU TR P R B R AR AR 4 58k
SR R P AT R R 4

FEP RIS BB 2SR P ST TR
FAP 3R A U ) 3 8 o 7 o R 43 L B IR 4, il i
FREBEE8CHAPMEERAEEERP TSR, 204
TUT sSMAFHEXFR.

L TR P X — A P SR B B, KRBT
IR V., XPRTRESROEREQRLUX LK
R R RRE B R E P B LEEEN 5 TR
HPERH#ITRF,

2BURBP RTHP—-FERERD, - TESER
SR BIER P e, RRE R0, BOHPRIEE
iR RSB RABREWE AT XARRTHP IR
RETBAB IS A F LXK A P R ERIR S, g
BRMERP KBXRE, MARSBME S XERD. &
SOB 22 BB AE 500 UL L MBERA P AR OHP, XRRAPE
E Rt L A paE: N,

LEER, X -REMAPEY AR EERE. BT
HEWEANBE.FRE BEAELE L. HHHLE
FAP B SR BE KR 43 F P R b 4 R o, 3 BRL R B ke op
Bl P B B g X P AT RISy

HRYEX TP P R B E S XM B — R RIS R %R
AR5 07 B AT SR R 53, IR R A vER . F
Fi K-means B3R 88 P 6 X8 B A A7 G080 4, )

. 43 .



BRI XX R AR ERRI ISR P EREENER,
FERRA 0.1 A/REREBRER R EFIREL. T
BRAER P R BRSSP OB AR R A R ' A — 1
SRR P B BUEULE .

7 F LA PR SR 438 07 B X U R P AT SR
G, AR IR LTS HLE F —ES R
&I B BIRUS IR P SURRI S 4551 , 3 0T 45 R vER 3R it
f1ar#r.

2 REARRMAKSHR

2.1 RPRNESEEERAET

o8 b P 2 ) o 24 6 T DA B X O B B R TR X
HEATAMBRT —HRERMMELR. KA LEME
WA LIREREA PGP RMAR KRR S HFSAF
ZESE IRMRXRERTRPZERERZL. AFRR
HERN BN EATHRE IEENARRT HP SHiEZ
R EEL. BTRANMERTRHRARERNT S H
HEANSRXRAMBEART —MEREO - 2EEH, BPaE
P FRE R REN R AR AP SRAP AP SHMEm R
REMAGEH R 5 B SRR, & SCH 8 A P 18-H
PRI, E R (U-W-U BD .. A 3CRAIAR o i Bk
7 P -idg- R A R P TR AR S R P R

FICHE R P WA B H 3 .

LAAAP-RA R E R RERT, X~ E R
RABAPKRENEE, REMAFBLNTEMJIEREE
RrPEmAasRn RERRENLNHFAGLABASR
B, B B R, PSR ZEXRBIBCR AN
3 bR

DBREMAF, i EREPRAGKEZN T MAF j &
BUWBCHA; TR BKRAF « A RBREEMA A, N

TR | R TR T

DFFR PSR 77 % BT ERRIRAP A
FjESM RPN ENES LR BERZMLUETH. B
BRP i BELUEER S, MX AP # AR E T

TEHS Hork R AR

DIRBA S | FETR L BALE Fa , A i WA j R
BeWHBWA Fa, BP i F1j ABIAREFIE S Tr, =
Niéf&?ﬁ&bi%zgﬁqrﬁ*"ﬁ%FiW%%ﬁ
£4.

At 3 RBIARE FABHEER To T Ts, MBS i f1j 2
B B EIE R VT * T; * Ts .

2. MR P - A B P R T, X — BB 4
EA R P S 2 R A A RER S R A
HENER EHBPNEwR S, AP-HEREE S, HiE
FA P15 P A B4 1 R R P R R 26 2 B P 4835 A
FEFR AR R 60 B P 15 5 i A GO A v 2 1) A B 13
o—i, TP 5 PR B R R S o 27 W j
—u, BB P S PR AR 4 1 6 T [ A R T 4%
RE, AU REE M ME M, BR R0 v
BOALE BTN 1, R P § R AT IO A v AT

. 44 .

DAtREEM 2 5245 . F P -0~ REERR TR
AR :

BREH T j A B IR BUIBR Oy S, A P j Xt
TR v AR EERECH S, WEH j—v RERTH

Si

e,

3. 4 1.2 FRERE RS KR  FIRE AR 2 B T
BYRR LR SR R IR R A AR
P25 RETEL, BOFE ™ - PP LRI, AP BEAEAE P
2 03 AP AE - O B 2 I3, AL
R Lok O R M SR 2 0 O
2.2 WIBRPRMABIE

AR SCR P PageRank Bk 30 BRI 11, 154
B 0 G B LAY TR ARAE S0 29 830 5
B AREATE

1% HRIER-F PR, FIRRA (18 4T
B BB o UL

Mok AR, RN (TR
NI B § BOHES R UV

W3 % PR RKIREE T.— 1
WUV st N o 8

P U G e R P P
BRF PR ARSI R pr WU R
SOBIIIEN pro» T

SR SR A TR P P
PSR T N B, — 7 BRI (AU BB P
SR 0P R A S R e T B 2K
B I A P AR IRER, PR A RIS R
FP GRS B 55— T, PP B e
AR TV, B P LR KRR TEFE P AR
KA RSB A SR RAE RS
PBERAERRE, BRI RS 1.2 55
SR P R F P BRI 45 7
SN HES B0 R B, ISR BT P ) SO, 55
PR 19 BLH P B0 31 2 g — B, U T LA
U I HE % MRS, RIS B 1 2
KBRS RARTTRE . B, W — AR )
BB R, R SO T AL PIR B B RO 7
2, 2 R BOFE P S 70 AT (5B B DL R B
RN, BUR R P-B- P RO B
L B A 08 T R 5 0 2 X B P S
M2 9, SR I 01 EL M R EO0 R ) (A

KB | GRATWA KA pr, x 1 — TITVL,

T E SR EINAL P R R BB IE X E—E R
B EHRTEP PR O ER PSSR,

3 KBERS5HW

3.1 APEEYSXBRER
FICRAETHENAERRE S X R BRI EEIR 8

BRI 5. B SCRMA FHBFT i T SUE ar, 1R BRI S G

BF REMERIALE I BRI RA N TERI 45 R . &R






PEE I TR B (O RIEE (2) B (b) P8 B 1R 5 5F
BIRRNER, STORER G, T RIRM AL RES
FRHHER. B EROTER], LRIFER T, R
SR P KB R LR BB AP
43 A LL BB

¢

5,

AP

AP

Ap

(b AP (o P -5 F P A
B3 RAFPEwOaimRssgR
SRR 3 RS RAALA T A B P R ) 55
R HEARN prx A~ TIVD e mammpm
S SR 15 QAL R 5 BT,
#5 BRESEACEERAEW I 15 KAP

B ~

#4 RPD  REEE o #ER YA
1 1195230310 HE 1 60744703 0. 00132471
2 1195230310 MR 1 41562686 0.0011603
3 1191258123 % 4 1 33068597 0. 001074256
4 1618051664 L& FHE 1 27857088 9, 27E—04
5 1947267610 R EAF T 1 1016831 8. 94E—04
6 1723141197 HIE 4| 1 709068 8. 73E—04
7 1265057942 EEHM 1 4225540 8. 40E—04
8 1665074831 B 1 3478251 8. 38E—04
9 1781387491 iphone K ¥ 1 21121627 8, 02E—04
10 1642909335 i/ AR$H 1 82475363 8. 00E—04
11 2481092927 & 1R A 1 315580 7.87E—04
12 1220291284 1k & 1 7480872 7. 10E—04
13 1063890337 #ig 1 2039322 6. 81E—04
14 1195031270 AW 1 6302558 6. 62E—04
15 1191220232 g B AL 1 35451093 6. 60E—04

B A AR RMIERE P S WA BB P88 2450
B AR  HHEZRT 15 ISR~ I 6 g,

6 IRATIHIER LA 15 WA,

H#4 Ap D iVl i RETNIE  BE%
1 1642909335 B ARSE 1 82475363
2 1195230310 wE 1 60744703
3 1197161814 EXE 1 51647465
4 1195230310 T8 1 41562686
5 1191220232 1A 1 35451093
6 3125046087 x| e 1 35046133
7 1191258123 HE 1 33068597
8 1618051664 X E&HHE 1 27857065
9 1781387491  iphone % 7 3# 1 21121627
10 1914100420 [ EA: TN 0 17985865
1 1220291284 [ %3 0 7480872
12 1761179351 gLF 0 6378731
13 3880051096  Ei¥i# Angela 1 5366472
14 1265057942 ES 550 1 4225540
15 1895964183 — R EE 0 3661719

.

S

>N
L[]

MOAGEF 7 R B, FEWC R B P B S A B HE R I 52
W S HEAE 15 BRI TUR T A YA ¢ BRI P RABNER
P AR A RITE AT 15 B A ERIAMERP. B
b, % BB — B 1E] Y S8 A 22 S AR A 1 L T LA 2
PR AR, AL P 4t I 7E 120 K9 8] 85 BE
PRI FE P 2 BRI, A SO S HER TR B IR AR A
BT 15 B PBLH S B RS 28, 21%, MR AR
AWM R 22. 1306, LT 0L, A SCHH B i HE 4
ERTH - BEEE . B2EKBE TIRAR T E S
Tk, E—ERE R P R R R E R

AXBRGHITE TR F R P LB BHRIE O, Ik
7 BE

£7 WERF MR

1% F10% B 9%
A AMER P 76.33%  1L.71%  0.26%
- FE  18.41%  3.08% /
IT WIER P 78.91%  12.63% 0.05%
Tk  15.17% 2.96% /
AIEA P 70.39% 13.87% 0.81%
d L 16.70%  0.93% /
" AEA P 58.23%  12.43%  4.87%
i FfE 20.18%  4.86% /
N SAERA P SL4LK 19.28%%  6.78%
R BHER 10.43% 2.90% /
AR P 45.87%  12.66% 2.87%
il FhE  7.91%  2.89% /

. LA # 36.7606  27.68%  3.23%
R wpw assv osmu
- AEA P 54.76%  11.43%  0.92%

i EHE  6.90%  0.29% /
. A P 48.04%  8.91%  2.30%
i T  10.34%  1L.01% /

B3 7 AL T HEA R 1 0RER P B, T
ERWAHZRERAE, ER P B I B, X — R
FERE KT R BAXAYF I N AR, %5 HT A4
MAYBREE X, AP RIENXEATEXLHEAY S L, W
Xt P HEASER] GAIER P R Z R W%, RAAXTE .

HWIE AU RIER P ST W 04 B R AR
B P U 4y 60 T Xt R AT ORI 4, FE M P,
P R B o RE TR Y R 45 U7 vk R R 0330 4 10 v
2, RBEHIERNEMRA P REXRRRAIA PG, 25,5
FASCH BTIR IR 3 R RITHEL & A SU i A P R W R
NI EXTEERHET T . BN A ER RS RS R T
R AN TR ERBARSE, T A TR ERBBEE D EER T
FRIER 2, 7T BE S B R S U P & R T A K B9
MERATFER. FILmRHENE R RS R
W HER.

2 % X W

(1] WuShao-mei, Hofman ] M, Who says what to whom on Twitter
[C1//Proc. of the 20th Int. Conf. on World Wide Web (2011).
Hyderabad, India,2011:705-714

[2] Page L,Brin S, Motwani R, et al. The PageRank citation rank-
ing:bringing order to the Web[ OL]. http://ilpubs. stanford.
edu;8090/4221

[3] He X,Li Y,Fan C, Web-based links and authoritative content
Pagerank Improvement[C] // 2010 International Conference on
E-Business and E-Government (ICEE). IEEE, 2010,:5016-5019

(T#% 66 )



10000
L3

09000 -
08000 e A
w7000 - 7

R &)
06000 AN W 2%m = TopAdpst
05000 \‘t 4 =8~ Top3-NoAdjust
04000 ey’ ©esdres TopS-Adjust
03000 = 3 = Tops-NoAdjust

aluminum coffee exchange interest shipping
Class Name

& 3 Top3.Tops FEHEHMHEBRER

M 3 T LAE B4R 3 S EET 5 MERE N &
K E B EIFRE LT SRR AL B X FRAE 8 B BT IE B
1IE (Adjust) b A8 FIFRZE i B AT AU E B IE (NoAdjust) Y
W BRI EBIER , REREE R TEHRS
BEHFRONRBAENRE .

10000

.
06000 .o = = Top3-Adjust
05000 —#— Top5-Adjust
04000 wenteen Topl0-Adjust
03000
aluminum coffee exchange interest shipping
Class Name

B 4 Top3.Top5 A Toplo FFFIML B R ER

ME 4 TTLUE N, BE S4BT B S-SR m, =
RSP E RSN AN, B AESEHERT 10 MRS R B S
BT, A F TR 0. 68 LL L, BFEE 0. 95,

ST 2 ERERE, BLTR T UEDN HE » HOHEK,
FEM SRR R R W . HREERR 2 MEETEE
AN BB B, BRERA M T BB SH— B
REKRZE, Bk n ENRE—-TENBEF EEBREBEN
WER. NE4AFTLUES, E o RSN, BEEREEELEK
7o B, B8 n AT LABR 5, SRR 45 BRSO S 1T R %, L
PR RIS AR R, RS B R

BWRIE ACRY T USRS RIAME IR &
F{3 FIRRAS AN A7 B X R T e R S AT AU 8
ERRBRAREENTE, G TIRENVENETER
KRS ] RARERA T RARE RIS, TFA T
MK HTML RBESHEL . Sl XREIE TRIERE
F B 16 IE M TUSCARHE R LB, B EEZH A A BR K
R, X F o SCRI BT, AT LAGE A AR B SR A4 6 531 R A
FREET B X o 3 BT IE SCHEAT 40 1A MUR AR I, BT
Hownet #4718 LK ¢, B 3 317 SCIH b 25 3 B4 FR 1, A= 3T
HEATSE B PR B/ 1 T it

2 % XM

[1] Jayabharathy J,Kanmani S,Parveen A A. Document Clustering
and Topic Discovery based on Semantic Similarity in Scientific
Literature[ CJ // 2011 IEEE 3rd International Conference on
Communication Software and Networks (ICCSN), 2011, 425-
429

[2] Uluhan E,Badur B. Development of a Framework for Sub-Topic
Discovery from the Web[ C] // PICMET 2008 Proceedings. July
2008.878-888

[3] Shi Jing, Li Wan-long. Topic Discovery Based on LDA Model
with Fast Gibbs Samping{ C] /2009 International Conference on
Artificial Intelligence and Computational Intelligence. 2009 91-
95

[4] Ding W,Rohban M H,Ishwar P,et al. Topic Discovery through
Data Dependent and Random Projections [ C] // International
Conference on Machine Learning (ICML.’13). 2013,471-479

[5] Yang Yun, Wu Ya-nan. Content-based topic discovery of high-
impact model[C] // 2010 2n International Conference on Com-
puter Engineering and Technology. 2010

(6] EE,.EHE.ZLEF. %5 ETDOMMMRTEE(EE H38RR
LI HHEHLBR 5 K R, 2004,41(10) : 1756-1792

[7] Yamaguchi Y, Amagasa T, Kitagawa H. Tag-based User Topic
Discovery using Twitter Lists[ C] // 2011 International Confe-
rence on Advances in Social Networks Analysis and Mining.
2011:13-20

[8] Cheng L. Unsupervised topic discovery by anomaly detection
[DJ. Monterey, California: Naval Postgraduate School,2013

[9] Pedersen T,Banerjee S,Patwardhan S. Maximizing semantic re-
latedness to perform word sense disambiguation[J/OL]. http: //
www. patwardhans. net/papers/pedersenBP05, pdf

[10] Naskar S K,Bandyopadhyay S. Word sense disambiguation using
extended wordnet[CJ // Proceedings of the International Confe-
rence on Computing: Theory and Applications (ICCTA’ 07).
2007.:446-450

[11] Naskar SK, Bandyopadhyay S. JU-SKNSB: extended WordNet
based WSD on the English all-words task at SemEval-1[C] /
Proceedings of the 4th International Workshop on Semantic E-
valuations. Association for Computational Linguistics. 2007
203-206

[12] Shen Wan, Angryk R A. Measuring semantic similarity using
wordnet-based context vectors[C] // IEEE International Confe-
rence on Systems, Man and Cybernetics, 2007 (ISIC). 2007:908-913

(L#F 46 7))

[4] Zhang J, Ackerman M, Adamic L. Expertise networks in online
communities; structure and algorithms[ C] // Proc. of the 16th
Int. Conf. on World Wide Web (2007). 2007.221-230

[5] TangJ,Sun J,Wang C,et al. Social Influence Analysis in Large-
scale Networks[ C]//Proc. of the 15th Int, Conf, on Knowledge
Discovery and Data Mining (SIGKDD 2009). Paris, France,
2009.:807-816

(6] HEMS BRTHAMEMEHPXGERERBIE[D] S48, & F&
Bk %,2010

[7] Sharifi B, Hutton M-A, Kalita ] K. Experiments in Microblog
Summarization[CJ // IEEE Second International Conference on
Social Computing. 2010;49-56

. 66 o

[8] Yang Y. Expert network: Effective and efficient learning from
human decisions in text categorization and retrieval[ C] // Pro-
ceedings of the 17th Annual International ACM SIGIR Confe-
rence on Research and Development in Information Retrieval
(1994). 1994:13-22

[9] Cortes C, Vapnik V. Support vector networks [J]. Machine
Learning, 1995,20.:273-297

[10] Feng Hao-di,Chen Kang, Deng Xiao-tie, et al. Accessor Variety
Criteria for Chinese Word Extraction[]]. Computational Lin-
guistics,2004,30(1):75-93

(117 s B FRIGEEN AP EW S 4B RID]. Jeadbw
HiR R A2, 2013



