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Vehicle Logo Recognition Based on Deep Learning
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Abstract Identification of vehicles which have caused traffic accidents is an important issue in intelligent transportation
system (ITS). However,due to the missing or the stains on the car license plates, it is difficult to locate the vehicles.
Logos,as key features of vehicles,can also help to identify vehicles of interest. This paper proposed a method to detect
and recognize vehicle logos based on deep learning. Compared with traditional approaches that extract features manual-
ly, this method uses original images as inputs to learn features automatically. Experimental results demonstrate that the

proposed method has a high accuracy,and even in the conditions of illumination change and noise contamination, it is
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able to produce stable and accurate results.
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