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Obstacle Detection Method for Mobile Robot Using Active Omnidirectional Vision Sensor

TANG Yi-ping JIANG Rong-jian LIN Lu-lu
(College of Information Engineering, Zhejiang University of Technology, Hangzhou 310023, China)

Abstract To solve the problems of excessive consumption of computing resource, poor real-time performance and limit-
ed detection range of current mobile robot vision system,a fast and efficient obstacle detection method was proposed in
this paper based on active omnidirectional vision sensor (AODVS). AODVS integrates ODVS with single view point
and a planar laser generator composed by four red liner laser that installed on the same plane. All obstacles around the
mobile robot can be detected in real time by AODVS. According to laser information on the surrounding obstacles pro-
jected by planar laser generator, the obstacles distance and direction information are obtained with robot vision method.
Then, based on this information, the direction of movement and speed of the mobile robot are controlled adopting omni-
directional mobile robot obstacle avoidance algorithm, The experiment results show that the obstacle detection method
based on AODVS can achieve the goals of avoiding the obstacles quickly and accurately and reducing the requirement of
computing resource for the mobile robot.
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