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Abstract

make use of Kuhn-Tucker condition to transfer convex programming to find roots of multivariate nonlinear systems

This paper studied solving method for nonlinear constrained convex optimization and pointed out how to

equivalently. Our interval approach for finding optimal solutions can be combined with the principle of interval arithme-
tic and the modified iterative version given by R. Krawczyk. In the case of a convex programming with differentiable ob-
jective and constrained functions, the ability of global optimization can be improved. We illustrated the numerical experi-
ments in contrast to the classical algorithms such as genetic algorithm, pattern search method, simulated annealing
method and some built-in facilities of mathematical software packages. The implementation indicates that our method

can provide a relative guaranteed bound on the error of the computed value and obtain more global optimal solutions.
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