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Abstract

high false alarm rate problem in network intrusion detection, Because of the different contribution of the attributes to

A new intrusion detection algorithm based on cluster and cloud model was proposed to solve the low rate of

the classification, the attributes were given based on the concept of “clouds approach degree”. The cloud model was buil-
ded based on the improved cluster in the text. Using the method of dynamic weighting and the cloud model updating for
the attributes gradually strengthens the classifier to guide the data classification. KDD CUP99 data set was implemented
to evaluate the proposed algorithm, Experimental results prove that the method is feasible and effective.
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