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Improved AP Algorithm. M-AP Clustering Algorithm

GAN Yue-song CHEN Xiu-hong CHEN Xiao-hui
(School of Digital Medium, Jiangnan University, Wuxi 214122, China)

Abstract Affinity propagation(AP) clustering simultaneously considers all data points as potential exemplars. It takes
similarity between pairs of data points as input measures,and clusters gradually during the message-passing procedure.
But the result of AP clustering algorithm in the data set of complex structure(non-group)is not very good. Therefore,
we proposed a new clustering algorithm by adding a merge process on the basis of AP clustering algorithm, called M-AP

algorithm which can effectively solve this kind of problem. When the number of samples is very large, the problem of
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large sample can be effectively solved by using CVM compression algorithm.

Keywords Clustering algorithm, Affinity propagation, Merge-AP, Merge process, CVM compress
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