#38%F S 10M

OB B R

Computer Science

2011 4 10 H Oct 2011

SWRBEZTEEYNRRNAERAR

BEB REX B #
(BT RFHEPFER EX 710129

B E 4ARAANBFESETARTHRI G ELED, AMEFME . TREL . ET PR E245, BREHE
SRAZASHFRRAFLRARHAEIZL—, RETWHRLNAAIZE T THEL LIRS THALHL
Lo e PRAELLEGHALRNRY, BRELRIRBALARA4 N ST EAT YL LB LR EE
3. %ﬁl#ﬁi‘)ﬂ’hb’r#iiﬂ_’,iiitia‘%%“PéfJ%%ﬁﬁiﬁ\%ii}i‘i%%‘i)ﬁ%ﬁmk)i\siiﬁ%m‘,l-_:k%i@#x EE R fal
RS TANFEERRITRE, R ATAT LU PHEAREEAHERT &, SRAN MR L. #
BREELARANAEARTIAEE 80. 1%, Z A E LA — LA M,

XKEBIF SBGLAE R BHARRELEL

hEZS#ES TP301.6 XHEERIAREE A

Capturing Human Interaction Semantics in Meetings
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Abstract

create knowledge,so smart meeting system is one of the research hotspots in academia and industry. Current smart

Meeting is an important and vital event in our daily life to solve questions, exchange information, share and

meeting systems mainly research on recognition and visualization of physical interaction,and less on human semantic in-
teraction in meetings. Human semantic interaction is interaction activities with semantics which is done by participants
with regard to current topic. We designed and implemented a method to capture human interaction semantics in meetings
with Naive Bayes model via dealing with contributes in session, including head gesture, attention from others, speech
tone, speaking time, interaction occasion, type of previous interaction and keywords. Experiments show that the recogni-
tion accuracy rate of human interaction semantics can be up to 80. 1% using this method, which is effective in some degree.
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