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Evaluation Rules Acquisition of Performance Audit for IT Prejects in China Based on
Dominance Intuitionistic Fuzzy Rough Set Model
- HUANG Bing' LI Hua-xiong®
(School of Information Sciences, Nanjing Audit University, Nanjing 211815, China)!
(School of Management and Engineering, Nanjing University, Nanjing 210093, China)?

Abstract Rules acquisiton was studied in a type of decision systems where its values of condition attributes took domi-
nance crisp values and those of decision attribute were intuitionistic fuzzy numbers, Firstly, the dominanting and domi-
nanted classes of objects in the universe of discourse were constructed by the dominance crisp values of condition attri-
butes. Secondly, the lower/upper approximation set of an object were ascertanied by comparing the intuisionistic fuzzy
numbers of decision attributes among objects. Thirdly, using discernibility matrix, the lower approximtion reduction and
rules extraction algorithm based on discernibility relations among objects were devised. Finally, the presented model and
algorithm were applied to performance audit for IT project,and some logical rules of performance audit for IT projects
were obtianed.
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