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Abstract Automatic identification of deep Web entries is the basis of deep Web data integration. Owing to the subjec-
tivity of form design,deep Web entries lack unified standard and it is difficult to judge whether the form is a deep Web
entry by the definite rules. Based on the statistics, this paper first chose several form attributes as the defining features,
which can distinguish searchable forms from non-searchable forms, Then, an entry identification algorithm was proposed
by using neural network. Unlike previous approaches, neural network can be trained, which is very suitable for entry i-

dentification of the deep Web, The experimental results show that our proposed algorithm can be an effective way in au-

tomatic identification of the deep Web.
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UG TES , EERENRE O R EANHTRFE,
FHAMNRWE—RIHTADRBIMNE, R, EMN
ARETHFERITRAN AT RRIE Web $UEFEHBHF
B, AEHMERENE EASRMERELUREZRTRHHEDR
HEAELR, T L ARERWHEESE, ¥ HEE —1E
R E, XA E T BE LN 9B 5E kA R T b
ERRIEZEMREN R, LB RMRIEE .

BAARAEHR B0 5 (9 H 3R X AR M A TR R A
O, ERMNBB — L EARE, A, ZHEEENZE
F,—BAFEEETR, PAOERLPBEEARSEY pass-
word {7 Web JUEEEWMBEAP, ~EAFASLEHTL
fECER file B4 0 T HER P RAENBEEAEE, BF
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for(i=1;i<=n;sit+-+)
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{if (data(i,;) is not numerical) then numeric(data(i,
b
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for(j=1;j<k;j++)
{ data (i,j)= w(j) * data (i,j)}
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}
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{IS_ DWI()+= weight(j) * data(i,j)}
Steps  HWTRHARETHEMAD
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option 134,128 4,746 28.26:1
radio 1. 636 0.761 2.51.1
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