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Abstract Network congestion has become a widespread concern, At present, research based on network congestion con-
trol has present some specific methods and suggestions, but they are not able to solve the network congestion well.
Qualitative Dynamic Probabilistic Networks(QDPNs) are one of the most efficient models in the uncertain knowledge
and dynamically reasoning field. This paper presented a network congestion control method based on QDPNs. This

method can effectively predict network congestion, and then we can get the corresponding congestion control strategy
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according to the prediction before.

Keywords Qualitative dynamic probabilistic networks, Network congestion control
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procedure PropagateObservation(QDPN, O, sign, Observed) :
for(k=1i;k<{j; k-++)

{

for HF—TRIFFIAMF R Vi [kl €V

do sign[ Vi[k]] <“07;

PropagateSign(?,0,0,sign) ;

O XA RMMNARET ST F—E D WERFS.
}

procedure PropagateSign(trail, from, to, messagesign)

sign[ toJ<—sign[to] @ messagesign;

trail< trail U {to};

for & to B —MESIMPEW K Vilk]

do linksign<15 & to fl Vilk]Z M EWAKS;
messagesign<sign{ to] Rlinksign;

if Vi[k] € trail and sign[Vi[k]] 5« sign[ Vi[k]] @ messagesign
then PropagateSign(trail, to, Vi[ k], messagesign).
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1 RETHE QDPN A

Pla[t]/e[t—1],f[t])=0.90
P(a[t]/e[t—1],[t])=0, 80
P(b[t]/a[t])=0. 85
P(c[t]/b[t]>=0. 80
P(d[t]/c[t])=0. 90
P(e[t]/d[t])=0. 50
P([t]/e[t])=0.70
P(g[t])=0. 50

P(a[t]/e[t—11,{f[t])=0. 60
P(alt]/e[t—1],I[t]>)=0. 20
P(b[t]/a[t])=0. 20
P(c[t]/b[t])=0. 10
Pd[t)/c[t])=0.15
P(e[t]/d[t])=0. 20
PULt]/g[t])=0. 30
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