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Lineage Tracing Model for Iceberg Queries Over RFID Data Stream
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Abstract In order to get popular elements and the origin of the data in RFID data streams, iceberg queries of RFID da-

ta streams with data information on the origin of glaciers query must be made. RFID data lineage to track the application

flow needs to know the origin of the data, This paper introduced the data streams lineage tracing techniques, combined

with the method of the query RFID data stream, a lineage tracing model for iceberg queries over RFID Data Stream was

proposed in this paper.
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21 Rice Food 100 Bag
102 IBM T63 Computer 13000 Box

3.2 RFID ¥iEifa RIERENH

ERHER M RFREAS RES WBEREE, REE
EASSCHE U Ak 3 R #$AIE 1) REID 5038t 2R 38 8 PR 0 7 B9 7%
B, XA A Bt R RE T E R RN RIS &3
f REID S48 2 3 , 2 A 8t 2R 48 BR B X i e BE R A
P& RFID $ug it R B ER R, SCRRL LSBT R R B, Mg &
RFID 348 Fr b 18 Jvk 1L & W45 R B R v R Gt BE IR )
.

B FHALG WERATRE X RER, EXFFERER, B
BRI A EA A SQL M HAFTIKINE W . F SQL ATUKE

5
SELECT # ,count( ¥ ) FROM AllComputer where
SELECT Monitor. TaglID, Product. ProductName, LINEAGE (Moni-
tor, Product)

FROM Monitor, Product
HAVING count( * ) =2

%4 LINEAGE B AR P REAAENEES
FEARFEHEREETHN T RES.

2R R AE 1T B AT T X A ) A AT A
W RBEGUTEERD NS RAEREN R, AT ERER
ERF B R A AT E ST, B R “lazy” R
X OF R EEREREEEE R TR RS R
RHEHRI . ZWRBETETENRIET, EXTEER
FEZREN. EHARARPHERBREXEZNHE —EH%
AT AL A S . B3R LR RETA WA AR
0t , BV X 2 A SR Y O R A R AR

TREEO T SR BT A RN BRBER T H SR, T2
B — 8 R T L5 TIR, Bk, Bt Rl
HHRATTREIE M. X, BERAHRBREN S,
B B B0 B ICRIR. R TR RR R AR
Eil R TFHRERASE ARG RHERS. BT
XA AR I SRR E AR R — SR R E
BB ERA “eager” K. HAMERFRBEHRRE
B R SEZINES | AR BV BEE-AR I, RTARE R4 4L,
BHEH RN EEETEER.
3.3 A RFID R0k L & A7t 7 B IREE

AR T — R R B A B RGE, LI R RS R
B HWHR, XTI NE AT LREEN,. A
BAPATSIE RS B EMAPNBEADIIT. REEEER
5% b i 5 8, 1% 10 AR BB SRR A H A A
1751% ., ZWITRIMHEE AN . 20 R AR A3 3 2
HHATRAL  H BB M E A BRI ERPITT %, H )
RFID $0E Hivk LA AR i RE R A WRER A 1 .

AL alm
AT
Hli - X B o
. EHTRIRS ratesdyatey € ik
KEH .
L ACT
ﬂ, x
i Y H
| EETE. B WTF I
%Q,]Zﬂ E:f%ﬂ; A _f;yﬁ)\‘l ,mg
fﬁf\ﬁiﬂ4 .......................... e E
wmmg_ | _ B
%;\5%432 1" ‘
¥ /B o

————— » ——»
REEREE TATER

H1 E& RFDSERKLE SO ERBERER

HRERF BT RERTEOERIRR EW . K

P RE R BERAERRS B R EB AR, BF R

RASMHLBREZSIINR—RE ARBMERE R

% BAAEE AR, RHRRE TEARKIHAENFH
+ 163 »

B HREY



Vo 5 BAEAL b A EOCHR STAR R, BB P R AR R Y
58, RIS B — W S B 2 W BSERAS TRl S5 .
LRt R ER S B NTILAES B BER R T
MEFAREDERNBHSHR, SN E RS SH AN —
BBy A AL BB B ME BOR S AS IR, SN SEE
T ER N RE SRR,
PHREB AT R LRSS, SERTHEHTR
H. HRBERMRS ARG H Y AT IR BRI BRER » [ At
Rt GUI s MaTHE A BB AT BT . A Ed
AR RS TR ABRERAKILES. YREFHER
B, REEFHRE T, B/KLERERZ S, B8P
AT th R SRR R IR AILE SR ME R . SR
EREET I RMPE,
AT, EALES | A E MR EH R LB R R
%, M P BRI R AR, BT RIS A RPITIIEE
B RRS . P RBXEREARE SRR B TR
RW A FAL T 5 R T B RAT IR A B B
RIS R R R/ A DUE S B R
BRE S, BRSO R T A B R A B
B, SEHL () B BR REID #3804 vk ZE AP e B R B
Z3CEL RFID $0 fi B vk i Z i s # It R 0 Bt R GR B8R
RBFFERT4, 2 T E i RFID sk L2 i 50 it 28 B A
R EREFESAR R BB BB R, B
TR BT RABR 55— 2 D506 S0 WAL B i YR ) S e o o2 . 5
WRERREIFAE, T —2 4% RFID SRR+ 8RR %
HFHATIR FEAR I R E RN S EIRPTE.

2 % X W

[1] Wang F,Liu P. Temporal management of RFID data[ C] / Pro-
ceeding of the 31th International Conferance on Very Large Da-
ta Base(VLDBO05). 2005:1128-1139

[2] Derakhshan R, Orlowska M E, Xue Li. RFID Data Manage-
ment; Challenges and Opportunities[ C] // Proceeding of IEEE

International Conference on RFID 2007, March 2007;175-182

[3] Benjelloun O,Sarma A, Halevy A, et al. Uldbs; Databases with
uncertainty and lineage[ C]// Proceeding of the 32th Internation-
al Conferance on Very Large Data Base(VLDBO06), 2006

[4] Fang M, Shivakumar N, Molina H, et al. Computing Iceberg
Queries Efficiently[ C]// VLDB’1998. 1998 299-310

[4] Woodruff A,Stonebraker M., Supporting Fine-grained Data Lin-
eage in a Database Visualization Environment[ C] // Proc. of the
Int’ 1 Conf on Data Engineering(IEEE ICDE), 1997,91-102

[5} Charikar M, Chen K, Farach-Colton M. Finding Frequent Items
in Data Streams[ C] // Widmayer P, ed. Proceedings of the 29th
International Colloquium on Automata, Languages and Pro-
gramming, Malaga, Spain: Springer-Verlag, 2002 ; 693-703

[6] Gibbons P B, Matias Y. New Sampling-based Summary Statis-
tics for Improving Approximate Query Answers[]J]. SIGMOD
Record(USA),1998,27(2):331-342

(7] &#iE K0T, M REUES SERLR] RéEH,
2004,15(8):1172-1181

(8] EER. MPESITHEPRID] R K%, 2006.
46-48

(9] R, 2, . KB RGO E L Iceberg Cube
(7). #fF2E3R, 2006,17(8) : 1743-1752

(10] &E. e AR R H LIS M. b3 B F R ¥ 0
RBi#t, 2008156

[11] &M, &, 253, % Bt R EEEAPRER]. 1K
Ml , 2010, 33(3) : 373-389

[12] Blount M,Davis J,Misra A, et al. A time-and-value centric prov-
enance model and architecture for medical event streams[C] /
Proceeding of the 1st International Workshop on Systems and
Networking Support for Healthcare and Assisted Living Envi-
ronments, San Juan, Puerto Rico,June 11,2007 :95-100

[13] Wang Yongli,Qian Jiang-bo,Ma Ran. RFIDSLT: A Data Line-
age Tracing Method for Complex Query over RFID Streams[ C]//
ICEBE’09. Oct. 2009,22;233-240

(E#F 145 7

[5] Hinneburg A, Keim D. An Efficient Approach to Clustering
Large Multimedia Databases with Noise[ C] // Proceedings of the
4th ACM SIGKDD. New York, 1998:58-65

[6] Tung A K H,Hou J, Han J. Spatial Clustering in the Presence
of Obstacles[ C] // Proceedings of the 17th ICDE. Heidelberg,
2001,359-367

[7] Han J,Kamber M, Tung A K H. Spatial Clustering Methods in
Data Mining: A Survey [ C] // Geographic Data Mining and
Knowledge Discovery. 2001

[81 Kohonen T. Self-Organizing Maps[ M. Springer Series in Infor-
mation Sciences, 2001, 30

{91 Cao Yong-qiang, Wu Jian-hong. Dynamics of Projective Adaptive
Resonance Theory Model: The Foundation of PART Algorithm
[J]. IEEE Transactions on Neural Network, 2004, 15(2),; 245-
260

* 164 -

[10] Brown D, Huntley C. A Practical Application of Simulated An-
nealing to Clustering[ R]. University of Virginia, 1991

[11] Tung P C,Zaki Y. CARPENTER:finding closed patterns in long
biological data sets[C]//Proceedings of ACM SIGKDD Interna-
tional Conference on Knowledge Discovery and Data Mining.
2003 '

[12] Ferhatosmanoglu H, Tuncel E, Agrawal D, et al. High dimen-
sional nearest neighbor searching [J]. Information Systems,
2006,31:512-540

[13] Zaiane O R, Lee C H. Clustering Spatial Data When Facing
Physical Constraints[ C]// Proc. of the IEEE International Con-
ference On Data Mining, Maebashi City, Japan, 2002 .737-740

[14] Li Yi-fan , Han Jia-wei. Clustering Moving Objects[C] // ACM
SIGKDD International Conference on Knowledge Discovery and
Data Mining. 200:492-110



