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Application of Augmented Lagrange Optimization Algorithm to the Sparse Signal Reconstruction Problem
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Abstract To solve the problem of finding sparse solutions from /# optimization model(0< p<(1) , this paper presented a

kind of novel robust approach based on the augmented Lagrange optimization algorithm, This method introduces precise

penalty function by setting limited value of augment factor to enhance the precision of signal recovery, which also avoids

the problem of ill-condition computation happened in traditional FOCUSS algorithm, For dealing with large scale prob-

lem, Conjugate Gradient method was cooperated with the augmented Lagrange optimization algorithm to accelerate the

convergence speed. Finally, computer simulations illustrate the performance on strengthening the recovery ability of signal.
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