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Research on an Ensemble Method of Uncertainty Reasoning

HE Huai-qing LI Jian-fu
(School of Computer Science and Technology, Civil Aviation University of China, Tianjin 300300, China)

Abstract Ensemble learning is a machine learning paradigm where multiple models are strategically generated and com-
bined to obtain better predictive performance than a single learning method. It was proven that ensemble learning is fea-
sible and tends to yield better results, Uncertainty reasoning is one of the important directions in artificial intelligence,

Various uncertainty reasoning methods have been developed and all have their own advantages and disadvantages. Moti-
vated by ensemble learning,an ensemble method of uncertainty reasoning was proposed. The main idea of the new method
is in accordance with the basic framework of ensemble learning, where multiple uncertainty reasoning methods is used in

time and the result of various reasoning methods is integrated by some rules as the final result. Finally, theoretical

analysis and experimental tests show that the ensemble uncertainty reasoning method is effective and feasible,

Keywords Uncertainty reasoning, Mixed reasoning, Ensemble learning
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