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Rationalism and Empiricism on the Combination in Machine Translation
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Abstract This paper firstly discussed the development of machine translation, secondly described the advantages and
disadvantages of the rationalism and empiricism in natural language processing and machine translation,and thirdly in-
troduced our basic ideas of combination of the rule-based approach and statistical approach, Furthermore, the paper de-
liberated the tendency of combination of the rationalism and empiricism in word sense disambiguation, finally summa-
rized the developmental tendency of machine translation. ’
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