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AP Clustering Based Biomimetic Pattern Recognition
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Abstract A classify based on AP Clustering and biomimetic pattern recognition was proposed. It can relatively classify
the samples by calculating the distance to the relative subspace, The training sample space was constructed by the AP
algorithm and bionic pattern recognition theory. The posterior probabilities based on the class condition were estimated
to reduce the reject rate caused by the space overlapping with low misclassification. Experiments were performed with
Concordia University CENPARMI’ s handwritten digit database and Nanjing University of Science and Technology’s
handwritten amount database. Experimental results indicate that the proposed classifier has a higher recognition rate
than the tradftional classifiers.
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