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Subject Sentence Extraction Based on Undirected Graph Construction
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Abstract Undirected graph based on the sentence was proposed. The problem of sentence extraction was transformed
to computing undirected graph node weights. This paper first proposed sliding window-based keywords extraction algo-
rithm, followed by the establishment of the undirected graph. The edge weights of the graph were modeled by the Vec-
tor Space Model(VSM) in turn. The node weights were computed finally by the weight model based on the similarity

matrix,and the subject sentences were obtained on the ratio of compression. Experiments show that the proposed auto-

matic summarization techniques improve the recall rate and accuracy effectively.
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