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Fast Algorithm for Mining Association Rules Based on Vertically Distributed Data in Large Dense Databases

CUI Jian LI Qiang YANG Long-po
(Department of Early Warning Surveillance Intelligence, Air Force Radar Institute, Wuhan 430019, China)

Abstract To further reduce both CPU and I/O overhead in the process of mining the association rules on the large
transaction database by the traditional algorithm,an improved algorithm of association rule mining based on vertical data
layout named VARMILDb(Vertical Association Rule Mining for Large Databases) was suggested. In the proposed algo-
rithm, after dividing the database into several partitions each of that is suitable for the current memory, the algorithm
combines directed acyclic graphs and diffset(difference of tidlist sets) which belongs vertical data layout structure for
storing and computing frequent item sets, which not only greatly cuts down the required memory size used to save inter-
mediate results but also solves the low efficiency problem during the mining dense database by traditional vertical data
mining algorithm,so that the algorithm is more effective for large dense databases. As a result of drawing the advanta-
ges of CARMA (continuous association rule mining) algorithm, the algorithm needs to scan the database for only twice.
Experimental results show that the algorithm is correct,and in the large dense transaction databases, VARMLDbD algo-
rithm has higher implementation efficiency.

Keywords Continuous association rule mining algorithm, Directed acyclic graphs, Diffset plumb, Vertically distributed

data,Dense databases
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for i=1 to n {//EHABFER 3 EL
ReadPartition(P;,2) ;
for each singleton v€ 2 {
v, count+=|D|— v diffset|;
Updateltem(v); } }
//ER A
D=\ {v€E Q| maxSupport(v)<minsup};
/BRI B
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if 2==null
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exit;
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if (vt ) 8- & (<< f2)
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if j==/t{
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}
return F;
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