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Method of Mining Conditional Infrequent Behavior Based on Communication Behavior Profile
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Abstract Conditional infrequent behavior refers to the behavior recorded by infrequent event traces with attribute va-
lues. Mining the conditional infrequent behavior from the event log is one of the main contents of business process opti-
mization. The existing methods remove low frequency behavior.but take less consideration of the conditional infrequent
behavior under the perspective of data-flow between different module nets. Based on this, the paper presented a method
of mining conditional infrequent behavior based on communication behavior profile. Based on the communication beha-
vior profile theory between module nets,firstly, through a given business process source model,its executable event log
is searched and the infrequent event traces are found,adding the relevant attributes and attribute values to the infrequent
event traces to get the conditional infrequent traces. Secondly, by calculating condition dependent values of the communi-

cation features of different module nets,whether the conditional infrequent traces are deleted or retained can be deter-

mined. The optimized event log is given,and the business process optimization communication model is mined. Finally,

the feasibility of the method is verified by a simulation.
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Table 4 Result comparison of different methods for activity pairs

with direct following relationship
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