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Weighted Naive Bayes Spam Filtering Method Based on Rough Set
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Abstract Using a classifier based on a specific machine-learning technique to automatically filter out spam ematil has
drawn many researchers’ attention, In a spam filtering process, how to selecting the features of emails and how to de-
sign a good filtering algorithm are two key issues. A new method of features selecting was proposed, which include the
head and the other main features of emails, Furthermore, the features’ importance degree was measured according to in-
formation viewpoint of rough set. With it,a new weighted naive Bayes spam filtering was put {forward. It can solve the

conditional dependence of naive Bayes efficiently. Simulation results on two email data sets in English and Chinese re-

spectively illustrate the efficiency of this method.
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Received: (eyou send program) ; Tue,06 Oct 2009 08:14:00 +0800

Received: from 202, 202. 32. 41 (HELQ cqupt. edu. cn) (202, 202. 32,
41) by 202, 202, 32. 45 with SMTP; Tue, 06 Oct 2009 08;
14.00 +0800

Received; (eyou anti_spam gateway 3. 0); Tue, 06 Oct 2009 08:13,57+
0800

Message-1D: (454788037, 14555@cqupt. edu. cn?

Received: from 218. 15. 46, 204 by 202. 202, 32. 41 with SMTP; Tue,
06 Oct 2009 08.:13:15 +0800

Received: from nbqlc§(unknown [ 110. 181, 63. 16>
by smtp75 (Coremail) with SMTP id wpKYMKgtG10
c7nC8, 1 lor {dengwh @ cqupt. edu. cnd; Tue, 06 Oct 2009
08:12;05 -+0800(CST)

X-Originating-1P,[110. 181. 63. 16]]

Date; Tue,06 Oct 2009 08:12.05 +0800

From: =17 gb2312? B? ZmY=7 ={(dgtu7@WE42345785754. net)

To: (dengwb@cqupt. edu. cn)

Subject; =97 gb2312? B? uanTpsnMxsC5wNPrudyhq8DtM;AwOS0

xMC02? =Mime-Version:1. 0

Content-Type: multipart/mixed;

boundary =" — — — == _ NextPart_000_00C8 _01CDF21C.

47809875"

X-Mailer; Microsoft Outlook Express _

Message-1D; (2009100660462, 04205@ WE42345785754. net)
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