F39% 11

L [

Computer Science Nov 2012

2012 4F 11 A

ETEENARLCEZSEANMERBRS

F OIE REX
(WHEMBAFEEEER & SBA KK KH 611130
B E RTAIREFPNEGMBRLARAGE IR EIKT, ALRER, HHk LR M, RHFRFTTATIR
MA P SEREEYFSESNAL, ZAGBLMANER A FHNERIREFH, R EEHMERE, FHRENXEZE
HE P ERBATR ARG RARRRBE P OEE K SRS AT LR A TR LRAT R SEHA,
GEERAV, ZAGRSRSETAIBENAF CEBIBE ML EI ERML . REMLE LR,
X@E M, AP CEEE, BRI, BRI RN, mE
h@lE4sa3E TP18,TP393 SCEEERIRES A

Site Deep-digger System Based on Internet Client Psychology Mining
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Abstract Site optimization systems based on artificial retrieval and topping work slowly and inefficiently. In order to
deal with these problems,a site deep-digger system was proposed with internet client psychology mining. The system u-
tilizes Web opinion mining technologies to search Internet hot points. And it can extract and estimate client requests
from historic data. According to these requests and historic information, it optimizes the site by creating related Webs.

Simulation results show that the system can perform better to mine internet opinions and do SEO (search engine optimi-
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zation) better than the traditional methods do so.

Keywords Network, Client psychology character, Psychology mining, Search engine optimization, Match
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