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Abstract To improve the accuracy of workflow frequent patterns, we proposed a new algorithm for mining frequent
closed pattern. First, we extended the definition of the dependence Matrix, which includes direct dependency and over-
lapping relationship among activities from the work flow logs. Second, we extended the CHARM algorithm to mine all
closed frequent patterns over the dependence matrix. Finally, the workflow frequent patterns were generated by discar-

ding non-frequent patterns. The algorithm has advantages in dealing with the interleaving relations among activities and
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workflow models with both serial or parallel relations,

Keywords Workflow, Closed frequent patterns, Dependence matrix
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for each Xi X M(X;)in [P]
[Pi]=¢ and X=X;
for eachX; X M(X;) in [P], with X;22¢X;
X=XUX;and Y=M(X;) \M[X;]
for each DO; in DO
if (there exits element values 7% 0)=elements in X then
count(X) +=-element value
if count(X)Z=min_sup then
if M(X;)=M(X;) then
remove X; from [ P]
replace all X; with X
else if M(Xi))CTM((X;) then
replace all X; with X
else if M(X;)DM(X;) then
remove X; from[P]
add XX Y to [P;]
else if M(X;)#=M(X;) then
add XXY to [P;]
if [Pi]5%4 then CHARM-Extened([P;],C)
delete [P;]
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for each g; in a&;. TrailingSet
add a directed edge from a; to a; in digraph
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for each a; in a;. FormerSet
if there does not exits a directed edge from a; to a; then
add a directed edge from a; to a; in digraph
else if a;. FormerSet#4¢ and a;. TrailingSet7¢ then
for each a; in a;. FormerSet
if there does not exits a directed edge from a; to a; then
add a directed edge from a; to a; in digraph
for each a; in a;. TrailingSet
add a directed edge from a; to a; in digraph
if a;. ParallelSet#¢ then
for each a; in a;. TrailingSet
if there exists a route from &; to a; then
delete C; from C
if there has existed a same pattern then deletes the pattern
end
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