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Information-gain-based Text Feature Selection Method

REN Yong-gong YANG Rong-jie  YIN Ming-fei MA Ming-wei
(School of Computer and Information Technology, Liaoning Normal University, Dalian 116029, China)

Abstract Due to the maldistribution of class and feature, the classification performance of traditional information gain
algorithm will decrease sharply. Considering that,a text feature selection method TDpIG based on the information gain
was proposed, First of all, selected feature in dataset based on the class, which can reduce the effect of dataset imbalance
on feature selectior. Secondly, calculated information gain weight by using feature occurrence probability to decrease the
interference of low frequency words to feature selection, At last, analysed the increasing information of each class by use
of dispersion, filtering out the relative redundant features of high frequency words, further refining the selected feature

applied increasing information, and getting the uniform and accurate subsets, The comparison experiment shows that the

method has better classification performance.
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