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Improved Possibilistic C-means Clustering Algorithm Based on Particle Swarm Optimization

CHEN Dong-hui LIU Zhijing WANG Zong-hu
(Department of Computer Science and Technology, Xidian University, Xi’an 710071, China)

Abstract An improved possibilistic C-means(PCM) algorithm based on particle swarm optimization (PSQ) was pre-
sented. This algorithm consists of two steps.first, using the improved PCM to calculate the degree of membership ma-
trix and cluster centroid to encode particles, which can low the influence of initialized centroid and improve clustering
precision. In the second, using PSO to optimize the encoded data points, which can overcome the coincident clusters and
avoid easily falling into local optimum, The experimental results on the synthetic data sets and UCI data sets show that
the proposed algorithm has less computational complexity, higher clustering precision and greater searching capability.
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