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New Multi-label Sample Class Incremental Learning Algorithm
QIN Yu-ping! LUN Shuxian! WANG Xiu-kun®
(College of Engineering, Bohai University, Jinzhou 121000, China)'
(School of Computer Science and Technology, Dalian University of Technology, Dalian 116024 ,China)?

Abstract To multi-label sample,a class incremental learning algorithm based on hyper ellipsoidals was proposed. For
every class, the smallest hyper ellipsoidal that contains most samples of the class was structured, which can divide the
class samples from others. In the process of class incremental learning, the hyper ellipsoidals of new class were struc-
tured,and the historical hyper ellipsoidal that its class exists in the incremental samples was structured again. The
multi-label class incremental learning is realized in a small memory space,and the history results that has nothing to do
with the new sample classes are saved at the same time. For the sample to be classified,its class is confirmed by the hy-

per ellipsoidal that it belongs to or its membership. The experimental results show that the algorithm has a higher per-
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formance on classification speed and classification precision compared with hyper sphere algorithm.

Keywords Hyper ellipsoidals, Multi-label, Incremental learning, Membership
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