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Multi-subjects Classification Algorithm Based on Maximal-margin Minimal-volume
Hypersphere Support Vector Machine
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Abstract For multi-subjects classification problem,a multi-subjects maximal-margin minimal-volume hypersphere sup-
port vector machine was proposed according to maximal-margin minimal-volume hypersphere support vector machine
and fuzzy theory. The algorithm uses l-a-r maximal-margin minimal-volume hypersphere support vector machine to
train sub-classifiers, obtain membership vector of the sample that is classified according to the classifiers, At last it la-
bels the subjects that the sample belongs to according to the membership vector. The experimental results show that the
algorithm has higher performance on precision,recall and F1,
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