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Abstract A curriculum vitae (henceforth referred to as a vita) usually contains a wealth of abundant data such as per-
sonal information, educational background, publications and work experience, It is significant to search, extract and ex-
plore the data from these vita documents which may provide a more comprehensive and integral personal profile, This
personal profile can be viewed as a series of events, Moreover, we can take advantage of events from different individual’s
vita to explore and establish relationships between these events and the people involved. In this paper, we presented a
framework extracting and explorating vita event, which can retrieve vita documents from the Internet, extract events
from these documents and save the events to a database for further exploration. More concretely, the work introduced in
this paper includes: (1) an event presentation model which characterizes the basic attributes of events and is utilized for
event exploration; (2) a probabilistic model for extracting events from vita documents automatically; (3) an event explo-

ration approach by exploiting the co-occurrence of the event attributes on the basis of the event presentation model and

the event extraction approach.
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FH 8 T — e A =ML AR HE R A £ P SORY , T
KFFEA SVM ir2e88. B, iR — X EH LE T3
ATfiy B4z — , W% resume” . “ curriculum” 5% “ vitae” , BLBEIA N
AR SR T AR .

5.3 MREIEMIRA

HTEETHERGEMERE, ROTR AR F M R . X
F SUM 4328388, 43 S0 BEVE VR M vER . Xt FEH A3
B EREEAG , X BRI R A F1 i r i, F1 X945
TOHE AL R EE T

MR E XA NGEHMLER R true positive HHE¥E, B
REFRICEE RN false negative W BRI SR, C HPARICE R
24 false positive BB EE , D NEBEFRICEE RN true negative
KB E, W F1 52 RSB GEN Precision) F1 4 [BIZR GE
A Recal) KIPRAIFH

_ 1 x Precision * Recall
Precision+Recall

H EEE R
Precision=AL_jrc an
BRERELR:

. ——___A_
Recall_A +B as)

5.4 XASELWER

%o XASTRLL, P 785 oy {8 BT SRS AR 785 R
SCRS R A [ BB o AR NG R T 2R R,
SRR R AR 4 g,

F1

(16>

R4 SREBER

Training Set Testing Set  Accuracy(SVM)  Accuracy(NB)
628(40%) 942(60%) 99, 58% 99, 04%
785(50%) 785(50%) 99. 36% 98.98%
1256(80%) 314(20%) 99, 36% 98.73%

ML ERTUER, SUM B RBEEELELT T
Naive Bayes 533 #%; 1 H 3 A7 #) 50 K L1 30 B 40 id
99%.,

5.5 BYHMNEREAR

HEM L% R I LCRF R T B MALLET (ht-
tp://mallet, cs. umass. edu/) 1 HCRF T H 4 GRMM (ht-
tp://mallet, cs. umass, edu/grmm/index. php), LI E K
PG EET 18 55 SO R 930 30 & £ 1B 1L (publication) . TAEZ 5
(work experience) f1# F & & (education) 3 BB 4317, Y
GERFNE 162 N4, WERE S KADK 541 MFM4, K
TIMESRICE R BT BB ER BA THEATARE , MEN T
fhikeHE. RS LCRF #1 HCRF 2 MR HITRH . KB
R8N, HCRF i F1IEZ LT LCRF, XK X HCRF %
EBRETHEEPEGELANERSEW., #F LCRF 1 HCRF
IS MBS R a3 5.5 6 Fil.

£5 FHHBERCRD

Event Attributes Pre Rec F1
EDU_TIME 0.975 0,922 0. 948
WORK_TIME 0. 989 0. 989 0. 989
PUB TIME 0. 950 0. 947 0. 948
DEGREE 0.977 0. 937 0. 956
MAJOR 0.793 0.732 0. 761
COMPANY 0. 680 0. 756 0.716
SCHOOL 0, 686 0. 828 0. 750
JOBTITLE 0. 962 0, 726 0. 828
AUTHOR 0, 998 0. 998 0, 998
PAPERTITLE 0. 903 0. 952 0. 927
JOURNAL Q. 844 Q. 775 0, 808
PROCEEDINGS 0.798 0, 858 0. 827
PAGES 0. 997 0. 999 0, 998

#6 FHHMESRHCRP)

Measure Pre Rec F1
Education 0. 963 0. 988 0. 975
Block Experience 1. 000 0. 977 0. 988
Publication 0, 961 0, 984 0.973
EDU_TIME 0, 884 0, 946 0. 914
WORK_TIME 0. 997 0. 981 0. 989
PUB_TIME 0. 953 0. 932 0.942
DEGREE 0. 938 0. 963 0. 950
MAJOR 0. 851 0. 874 0. 863
Event COMPANY 0, 922 0. 928 0. 925
Attri- SCHOOL 0. 845 0. 899 0. 871
butes JOBTITLE 0. 846 0.839 0.842
AUTHOR 0. 996 0. 996 0. 996
PAPERTITLE 0. 911 0. 980 0. 944
JOURNAL 0. 911 0, 822 0, 864
PROCEEDINGS 0,914 0.735 0. 815
PAGES 1. 000 1. 000 1. 000

BRIE PR T A A A B SR B LA R e A
REMF. PRI PEEHIEEWLERTUREREESF
HPMEAFS . ASCE SRR Y TRET AN EHRTER
R FEMCERE b, 2T HCRF fZ A mBUSE S /i S
TS R P HEATARIT , AT IE SS9 SR H B sirdl
BUB 4. B BB R P S MR IR
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