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Object-oriented Multigranulation Formal Concept Analysis
ZENG Wang-lin' SHE Yan-hong®
(College of Computer Science,Xi”an Shiyou University, Xi’an 710065, China)’
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Abstract To further introduce granular computing into the study of formal concept analysis,this paper studied formal
concepts in multigranulation formal context and extended the existing study from single-granulation to multigranula-
tion. Firstly, the definition of formal concepts was given at different granulation levels. Secondly, the relationship be-
tween concepts was examined at different granulation levels. Thirdly, the necessary and sufficient condition that the ex-

tension set is equal was proved at different granulation levels. The obtained results provide a possible framework for da-

ta analysis by combing both formal concept analysis and rough set theory at multiple granulation levels.
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Table 2 Collection of object-oriented concepts corresponding
to Table 1
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Table 3 Another type of multigranulation formal context

L R G H L R IG dG H
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b X X b X X
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Table 4 Collection of object-oriented concepts corresponding

to Table 3
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