B39k B

Vol. 39 No. 6
June 2012

(=2

J@a L

Computer Science

an

2012 4F 6

BiEM RO WA EZ

(Bl A2EHESRE 4N 121000)

B E 4aHLHRALNM,RET—HAEL PO AER ATHLARMNRAFBTRERS. FAEL
BIHER AR RERBELIHEREAE, EHETEDNE, AR XX BRFEHNSTETLE ARRSG
Fokdp SR . BB R4E 8 AR R X B HAATI R, F B w5l AR F o A T BT AT IR,
HREAN, G EAAGER T oM, SRR LT,

XgiE Pl AhAEE BTFEEE, AERE,2BKL

mEESES TPI8 XRkFRIAE A

Adaptive Central Force Optimization Algorithm

QIAN Wei-yi ZHANG Tong-tong
(School of Mathematics and Physics, Bohai University, Jinzhou 121000, China)

Abstract The adaptive central force optimization(ACFQ) algorithm was proposed for the global optimization problems
in order to balance the abilities of global detective and local search, The particles fitness functions was defined. The par-
ticles movement time was updated based on the fitness value compared with the average fitness value,and the current
position was updated by the crossover operation, As a result, the algorithm convergence speed was improved. 8 classic
benchmark functions were used to test it. Simulation results show that, ACFO is accurate, has strong robustness, com-
pared with several other particle swarm optimization algorithms and CFO algorithms.
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