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Abstract The combination of the evidence theory and multigranulation rough set model has become one of the hot is-
sues,and the established models have been applied to various information systems,such as incomplete information sys-
tem,coverage information system and fuzzy information system. However, intuitionistic fuzzy information system has
not been investigated yet. Firstly, three kinds of dominance relations and three kinds of dominance classes were defined
by using triangular norms and triangular conorms in intuitionistic fuzzy decision information system. Secondly, generali-
zed dominance-based multigranulation intuitionistic fuzzy rough set model was proposed,and the belief structure of this

model was discussed under evidence theory. After that,attribute reduction was acquired by the importance of granularity
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and attribute. Finally,an example was used to illustrate the effectiveness of the model.
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