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Abstract The importance of attributes in data intelligence processing is not only different from each other, but also
highly nonlinear. In such case.it is difficult to obtain effective solutions to the problem by applying machine learning di-
rectly. In order to solve this problem,the granularity-based ranking method of attribute importance and the application
of the ranking results in binary relationship were explored to perform the granular partitioning algorithm. Then, this pa-
per applied extreme learning machine to granular layer space. The learning results in the layer space were compared and
analyzed to obtain the optimal partition and granular layer. In addition. the particle size extreme learning machine model
proposed in this paper was applied to the air quality forecasting problem,not only accelerating the forecasting speed, but

also being consistent with the actual forecasting,thus empirically proving the validity and reliability of extreme learning

machine model.
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Table 1  Original data of air quality
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