5458 10 D2 M- N 1 M = A < Vol. 45 No. 10
S 4E 10 A COMPUTER SCIENCE Oct. 2018

MR EERMERIANEEXENEMT IE

E # XNEEX BEL KHERE
(FEMZKEAFE Jbx 100049
(FEMFRTELAFRAZETERZAARFL S 100190)
(hEwHHTHEGHALRERAELHRE  Jx 100190)

W E MA& WLAN # £ %, % T RSS(Received Signal Strength) 9 £ A R A2 F xR # R AR S m A #h s, &
TOATHRENE AT EFOLRAI LR LEFTFOHEZL —ETERER NG HEL LN XBIEHAIRIE 54,
R ERRERET AANELXEAE T ERARAAAEAT 3AFM 1) RE L& &0 L& B R4 AEEZF M.
GHFEAMRBENRELEZRNGEZFRE P ER AR EHE;DREPHALE T EZASHER . REAKREHK
EREFearack B h ) ARXBRIGER G A RAERE AN RAGES R T DEAM S XL LERETRKR
FORERE REAERTAM, AMEALRE RET A4 REEFREAEGEEXE N LT &, AR
ARBERBSERZERSFPRENAFERER TN EH T EHA, SREARN EASFRET T EHBE L MILTRELEY
AR TR TR T EAREREZEHESLH,ZEEBA 3~0m N AR AL E AN R F 0,5 kLA g%,
B W5 K B i) AR A AR A,

XHER FALLEEEFBR.HEEFI HEFIIHRA

FEZESES TP311 XERFRIRAS A DOI 10. 11896/j. issn. 1002-137X. 2018. 10. 014

Incremental Indoor Localization for Device Diversity Issues
XIA Jun LIU Jun-fa JIANG Xin-long CHEN Yi-qiang
(University of Chinese Academy of Sciences, Beijing 100049, China)
(Research Center for Ubiquitous Computing Systems, Institute of Computing Technology,Chinese Academy of Sciences,Beijing 100190, China)

(Beijing Key Laboratory of Mobile Computing and Pervasive Device, Beijing 100190, China)

Abstract With the rapid development of Wireless Local Area Network(WLAN) , the Received Signal Strength (RSS)
based indoor localization becomes a hot area in research and application fields. Among various kinds of up-to-date indoor
localization methods, fingerprint based methods are most widely used because of its good performance,and one feature
of those methods is that the accuracy is determined by the identification of the training and the testing dataset. Howe-
ver.in practical applications,there are three problems in existing fingerprint based methods or system. Firstly, the loca-
lization error caused by device variance is a severe problem. Secondly . the wireless data are changing as the time passed,
leading to the reduction of the prediction accuracy. Thirdly, traditional fingerprint based methods or system cannot avoid
the dependency on a large amount of labeled data to keep effective positioning performance, which usually involves high
cost in labor and time. To solve these problems. this paper proposed a incremental indoor localization method for device
diversity issues,which keeps real-time update by training uncalibrated data that collected in localization. Experimental
results show that the proposed method can increase the precision of overall indoor localization system,especially when
error distance is between 3 and 5 meters. What’s more, this method possesses good advantage of timeliness compared
with traditional indoor localization method on real BLE dataset.
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Fig.1 Framework of fingerprint model localization method
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