B39H R

Vol. 39 No. 5
May 2012

R N

Computer Science

&

2012 5 5

am

FEFIFIEERSRNRE TFIEN

WmEE BXIL
(BRI KFTENFER  FKX 400065)°

HAhE!
(ERIP B KFHREFE  EIK 400065)!

H OE MAFALAEBEFTAORL AN ARRNELAES. AMRET A THRASNEZEAFRFETH
Flbm Ak, FAINNGFERMNBAT EFERRGHRE, ZLEFEAERT 25 FPBEHEL L RERE
A#FFAARN S HFRBENSTFAING AN L. KB . SE  HEGAALZ  FAZAINKKESF. RGAL
KNN Jik &t m FF F 55, FRERA T LAk f T,

KB 25548, FBLAHE, HielE,KNN ok

hEZa#EE TP30L.6 TERERIEAED A

Outlier Sub-sequences Detection for Importance Points Segmentation of Time Series
ZHANG Li-sheng® YANG Mei-jie LEI Da-jiang?
(College of Software, Chongging University of Posts and Telecommunications,Chongging 400065, China)?
(College of Computer Science, Chongqing University of Posts and Telecommunications, Chongging 400065, China)?

Abstract Because the time series has a large amount of data, detecting it directly will has a high complexity. And this
paper proposed an outlier sub-sequences detection algorithm based on importance points segmentation of time series to
relieve the problem. Outlier detection of sub-sequences can offset the limitations of the outlier detection of points, This
algorithm firstly obtains a series of smoothed important points,and then divides the sequences according 1o them, mean-
while extracts the four characteristic values of each sub-sequence: length, height, mean and standard deviation, and ap-

plies these four characteristic values to the european euclidean distance, Finally,it detects the outlier sub-sequences with

the KNN algorithm. Experimental resuits show that the algorithm is effective and reasonable.
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