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Dynamic Splog Filtering Algorithm Based on Combined Features

REN Yong-gong YIN Ming-fei YANG Rong-jie
(School of Computer and Information Technology, Liaoning Normal University, Dalian 116029, China)

Abstract Splog filtering has become a new hot area in the international in recent years. Most of the traditional filtering
algorithms are based on word frequency feature classification, which is quite redundancy and lack of relevance. Accor-
ding to this problem,a dynamic filtering algorithm based on the combination of features for splog(CFDSD) was pro-
posed to solve the problem of low relevance and redundancy. The CFDSD algorithm uses self-similarity feathers and the
attributes of author, at the same time adopts the Bayesian classification algorithm to optimize word frequency feature
classification., Experiments show that the algorithm is adaptable to dynamical updated features of the blog with time
changes,and improves filtering efficiency, while reducing the time to filter splog.
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General 167 35 1 0
Libitina 123 25.9 1 0
caltechgirl 92 19.3 1 0
Andy 26 5.5 0 1
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Begin
for every splog.blog under train
1. collect(D(author) , D(time)) ;

/= BB GERIRIGECERNEE R B RBURHE » /
2. establish(tableS, table B) ;
/ * B FAEE 3R tableS, tableB, 7} B AR M E R IEE

WIEE R R R * /

3. compute(T,AT);
/ » PHEE R i & R AT (A L B (] TR R * /
4. while(D(T) € (0:00~6:00) || (22:00~24:00)& & D(AT) € (0~
5)) insert(D(author)—>>tableS);
[ BRENESBASIRBESIE » /
5. else
insert(D(author)—>>tableB));
6. goto step 3;



until n=0;
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End;
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Begin
1. collect(ID);
/ * S¥BIREE 700 R BARIEEAN 700 By AR LRI E E T splog 5
Fl blog £ = /
2. for(i=0;1<C700;i++) collect skey,num(skey);
/ % SREBIR IR R A0 BT A FRIE AR I e g — AR Y Rl « /
3. for(i=0;i<700;i++) collect bkey;
4, create TreeS(skey) , TreeB(skey) ;
/ % BYEE splog JLARIAIN K blog IR » /
5. pruning(treeS, treeB) ;
/» RF REP Bkt f7804% = /
6. generate(tableS, tableB) ;
7. compute(p(tableS), p(tableB) ) ;
7 x STRWAR PRI X IRREER « /
8. match Key(TableS, TableB);
9. compute(P(hash(key)));
/BRI E « /
10, establish(hashT(key));
End;
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Begin
1. Read(DD);
2. Extract(key);

/% BB Y FRF B (key) , BT key % /
3. Pretreat(key);

/ * %t key SEHATHALHL , B b JRIEAR * /
4, if(match(key, hash(key))

keyl=key;
/ % ARAEH A K key Al hash Fe189 key RIATICAC , 2L 004 2 i
keyl * /

5. Check(p(keyl));

/ * BB 2 hash P XT keyl FSEBMEHE = /
6. Acording(keyl) Compute(P(D));

/ * R AR BRI R TR R « /
7. H(P(D)>0.5)

printf(“D is splog”);

/* BHBER 0.5 %/

8. else
printf(“D is blog”);

9. return 03

End;
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