#39% 3 it & W B % Vol. 39 No. 3
201243 H Computer Science Mar 2012
EFRFEMBEXESTEOCBEFEEESRNHA

XEim WS
(BHAEENE GEAEFER FK 400715)°

' o
(HEA¥ETFEELEER ZF K 400715)"

B OE 4o (ECOESHARAN THEREN M, FLERMARINF ik, FRBRBREETHRHAXE
HAE, RO R IR A R, A T A 56 AR ) P 3 AT R S IR0 45, 3 T —Frait ey — 3t &1
BT BEE(SBQPSO), SRARAW ATFAL R4S Fisher 228 A 3N ECGHETH AR RGBT FH %,
A UEE GBS R IR 6 A AR B RATAR AR,

REHE HELB,MAMEIN, AN ETETHLE HARA

hEES%E TP391.41 ITRRERIARE A

Application of QPSO Algorithm and Correlation Analysis in Feature Selection from ECG Signal

CAQ Jun! LAI Xiang-wei®
(School of Electronic and Information Engineering, Southwest University, Chongging 400715, China)!

LIU Guang-yuan®

(School of Computer and Information Science, Southwest University, Chongqing 400715, China)?

Abstract

tures with high correlation were deleted to reduce dimensionality of original feature set by correlation analysis. And

This paper discussed the feature selection from ECG signal in affective recognition. At first, the original fea-

then, an improved quantum-behaved particle swarm optimization with binary encoding algorithm was proposed to a-
chieve effective feature selection in the feature space with reduced dimension. The experimental results shows that the

affective recognition system based on this algorithm and fisher classifier recognize the anger, disgust, fear, grief, joy and

surprise successfully.
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