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Document Classification Algorithm Based on Manifold Regularization

XU Hai-rui ZHANG Wen-sheng WU Shuang
(Institute of Automation,Chinese Academy of Sciences,Beijing 100190, China)

Abstract A novel document classification algorithm based on manifold regularization framework, which is called MLD-
RLSC,is presented to resolve high dimensional document classification, In the proposed MLLD-RLSC, a nearest neighbor
graph was constructed and the intrinsic geometrical structure of the sample space was taken as a manifold regularization
term, then it was incorporated into the objective function of the multivariate linear regression to extract lower dimen-
sional space, The classification and predication in the lower dimensional feature space are implemented with kNN, Ai-
ming to extract effective features for the multi-class problem, MLD-RLSC can make use of all labeled samples. Experi-

mental results on Reuters-21578 dataset demonstrate that the proposed algorithm is of higher classification accuracy and
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faster running speed.
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R T BRI E A - RNME, SRR L
WP acq # earn THIFH S R A R BB SIERNEE.
R F R KRR A SR 1991 M YIZGRSCR D 804 MR ST
B, ORI 1 5.
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