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Abstract In order to accelerate the segmentation algorithm of FCM(fuzzy c-means clustering) , an accelerating algo-
rithm based on GPU(graphics processing unit) was proposed. Firstly, this method analyses the various phases of FCM
algorithm which could be paralleled. Then, in order to adapt to the GPU’ s hardware architecture, this method trans-
forms the computing of membership grade and clustering center and the classifying of every pixels according to the
membership grade with CUDA(Compute Unified Device Architecture). Experimental results show that the efficiency of
the FCM segmentation algorithm accelerated by GPU is improved obviously compared with CPU’s serial algorithm, In

view of the parallel features of most image processing algorithms, the acceleration based on GPU is universal.
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