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Dynamic Strategy-based Differential Evolution for Flexible Job Shop Scheduling Optimization
ZHANG Gui-jun  WANG Wen ZHOU Xiao-gen WANG Liu-jing

(College of Information Engineering,Zhejiang University of Technology, Hangzhou 310023, China)
Abstract To solve the flexible job shop scheduling problem,a differential evolution optimization method based on dy-
namic strategy was proposed in this paper. Firstly.based on the framework of differential evolution algorithm, taking
the distance between individuals into consideration, the indicator of population crowding degree was designed,which for
measuring the distribution of the current population,and the stage of the algorithm can be further determined adaptive-
ly. Then,in view of characteristics of different stages,the corresponding mutation strategy pool was designed to realize
the dynamic stage selection of mutation strategy,so as to improve the search efficiency of the algorithm. Finally, the test
results on 10 benchmark functions show that the proposed algorithm is feasible and efficient. Based on the double layer

coding method of working procedure and machine, the best scheduling scheme was obtained by minimizing the maximum
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completion time.
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